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Outlineof the talk

AFrom singlestockto ecosystemapproach science,
policy drivers and data gaps

AFishingvesselssscientificplatforms examples
prosandcons

AFosteringhe use ofFVVsasscientificplatform



The impact ofishinggoesbeyondtargetspecies

and discards

Biological interactions
Genetic loss
Food webs
Trophic interactions

Sediment geochemistry

Sediment composition

Metal functioning and bioavailability
Exposure of anoxic layers

Nutrient fluxes
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Singlestocksinteractswith other stocks ecosystem
componentsand drivers
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Oceanshouldbe managedaccordingo an EBM
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EU MarindPoliciesaredrivingthe increasan
datarequirementfor monitoring

U RefomedCFP (2013 e.g. data isupportof LTMP,
Landing®bligations FRAsetting etc.)

U Marine StrategyFramework Directive (2008) (i.e. In
relation to 11Descriptorsinparticularl, 3, 4, 6)

U Maritime SpatiaPlanning (2014)

U BlueGrowth



MemberStates' monitoringgrogrammesunder the
MSFD will mainly ensure only partial coverage o
GESCOM(2017{SWD(201)y1 fina})

How well does monitoring cover good environmental status per descriptor category?
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D5 - Extrophication
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How well does monitoring cover good environmental status per descriptor category?

D11 - Energy/Molse
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DCF provides data for assessinglarge share of
landingsalsowithin MSFD
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Howevey in some areas(e.g. Med) the coverageis still not optimal
(and only a portion of data have been used in MSFD Initial

Assessment

ar

Raicevichet al. (underevision- Frontiersin Marine Science)



Datarequirementincludescamongothers

wData insupportof SA and LTMBiplogical
D C F / C F P parameters catchesdiscards etc.)
wSpatictemporaldata

wSSFkharacterization

wFishfauna

wBenthicfauna/habitats

M S F D /M S P wEndangeredpecies
wOceanographidata

wL.itter

wNoise




Within severakeports anddocumentyICES, 2013; JRC, 2014),
dataneedsandmonitoringplatformshavebeeninvestigated
Howeverfishingvesselare mostoften not consideredr their
contributionisunderestimated

wFisherydependentspatialdistribution
wDifficult standardizatiorof data

( : O n S wNeedstargetedtechinicaldevelopment
wNot all FVsare suitableas Scientific

Platforms

wCheapplatform
w(Almos) Widespreadspatialdistribution
wOptimalplatform to assesgishingimpact

wMay entailsbeneftingfrom fisher€
experiencebasedknolwedge



FVsare alreadyusedfor collectingdatawithin
establishednonitoring programmes

Dallyrecordson catchesdliscards
(.e. logbook)¢ ByFishers
\

Position (VMS, AI§CCTY
Authomaticrecording

[

Catchesbiol. param; threatened
speciesetc.c ByObservers

/




Someexamplef applications




Contents lists available at SciencaDirect

Regional Studies in Marine Science

journal homepage: www.elsevier.com/ocate/rsma

Collection and validation of self-sampled e-logbook data in a
Mediterranean demersal trawl fishery
Monica Mion?, Camilla Piras?, Tomaso Fortibuoni?, Igor Celi¢*><,

Gianluca Franceschini®, Otello Giovanardi *¢, Andrea Belardinelli®,
Michela Martinelli ¢, Saga Raicevich *%*
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Self-sampled data (kg/haul)
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Fig. 3. Relationship bebween self-sampled and observed data (kgfhaul). Linear
regression forced through the origin. Regression parameters are fo = 0.00; B =
1.00 {95%00 [0.98- 1.01]: R* = 0.93;n = 1992,
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Thisapproach
allows
reconstructing
spatiotemporal
distribution and
migration of
target species



Contents lists available at ScienceDiract

Fisheries Research

journal homepage: www.elsevier.com/locate/fishres

A photographic method to identify benthic assemblages based on
demersal trawler discards

Camilla Piras?, Monica Mion?, Tomaso Fortibuoni?, Gianluca Franceschini : Elisa Punzo?,
Pierluigi Strafella®, Marija Despalatovic®, Ivan Cvitkovic®, Sasa Raicevich "+

Pictures 0.5*0.5 Quadraf) ¢ 3 picturegdsample
Benthoscollectionandanalyseg10-20 kg/sample)
107 samplingstationsin total



